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learning_rate | batch_size | epochs | momentum | weight_decay earlystopping output_channel
1.0x10°% 16 100 0.9 5.0x10°% TRUE 2
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learning_rate | batch_size | epochs | momentum | weight_decay | earlystopping_is | output_channel
1.0X10°3 64 100 0.9 5.0x10° TRUE 2
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